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ABSTRACT
According to international agency for research on cancer, female breast cancer was the leading type of cancer
worldwide in terms of the number of new cases (approximately 2.1 million) diagnosed in 2018.
Predicting outcome of a disease is a challenging task. Data mining techniques tends to simplify the prediction
segment. Automated tools have made it possible to collect large volumes of medical data, which are made available to
the medical research groups. This study aimed to apply machine learning algorithms using decision three classifier
and descriptive statistics to evaluate the performance of the model in predicting the probability of cancer metastasis
in patients that present late.
Materials and method: The breast cancer disease dataset has been taken from the department of Radiotherapy and
Oncology of Usmanu Danfodiyo University Teaching Hospital, Sokoto state, Nigerian. Dataset has 259 instances and
10 attributes. The experimental results of this study used, decision three classifier in IMB SPSS (version 23) software
environment. In the experiment, two classes were used and therefore a 2 × 2 confusion matrix was applied. Class
0=Not Metastasized, Class 1=Metastasized. We applied supervised machine learning approach in which dataset were
divided into two classes that is training and testing using 10 fold cross validation.
Results: Shows that 259 instance of breast cancer, 218(84.2%) cases were not metastasized while 41(15.8%) cases were
metastasized to the other region of the body. The overall accuracy of the model was found to be 87%, with the
sensitivity of 88%, specificity 75% and the precision of 98%
Conclusion: Based on these findings, the machine learning algorism using decision three classifiers predicted that
87% of the tumor presented at stage IV, indicating that the tumour can spread to the other region of the body.
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INTRODUCTION
The global cancer burden is estimated to have risen to 18.1
million new cases and 9.6 million deaths in 2018. One in 5 men
and one in 6 women worldwide develop cancer during their
lifetime, and one in 8 men and one in 11 women die from the
disease. Worldwide, the total number of people who are alive
within 5 years of a cancer diagnosis is estimated to be 43.8
million [1].
According to international agency for research on cancer stated
that female breast cancer was the leading type worldwide in

terms of the number of new cases approximately 2.1 million
diagnoses are estimated in 2018[1]. Breast cancer is a malignant
disease that initiates in the breast cells. The patients with a
family history of breast or ovarian cancer have possibility of
developing breast cancer [2].
Some of the risk factors for breast cancer are gender (more in
females), hereditary, genetic mutation, Smoking, alcohol
consumption, obesity (As in sedentary life style), canned foods,
chemicals carcinogens used as preservatives and in cosmetics
[3-5].
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The high burden of breast cancer was attributed to the low or
lack of cancer awareness among population as well as delay in
cancer screening and detection. Increasing cancer cases in
developing countries is also linked to the ageing population, and
change in lifestyle such as unhealthy dietary practice and lack of
physical activities [3-6].
Data mining is defined as a process of discovering hidden
valuable knowledge by analyzing large amounts of data which is
stored in databases or data warehouse using various data mining
techniques such as, artificial intelligence (AI) and statistics [7].
Data mining techniques tends to simplify the prediction
segment of the process. Automated tools have made it possible
to collect large volumes of medical data, which are made
available to the medical research groups [8]. Machine learning
technique is a statistical tool that is used to predict the outcome
of a disease base on the time of presentation [8].
Decision tree provides a powerful technique for classification
and prediction in Breast Cancer diagnosis. Various decision tree
algorithms are available to classify data, these include ID3, C4.5,
C5, J48, CART and CHAID [8].

Evaluation of the model accuracy of decision three
algorism
The performance of model was evaluated using four
performance measures: accuracy, sensitivity, specificity, and
precision. These measures are defined by four decisions: true
positive (TP), true negative (TN), false positive (FN), and false
negative (FN). TP decision occurs when tumour instance was
not metastasized are predicted rightly. TN decisions when
tumour instances were metastasized are predicted rightly. FP
decision occurs when tumour instances are predicted as
metastasized incorrect classification. FN decision occurs when
tumour instances are predicted as not metastasized incorrect
classification.

RESULTS
There were a total of 259 instances with 10 attributes recorded.
The mean age of patients was 48.3 with SD ± 11 and the age
range of 26 − 80 years respectively. The peak age of incidence
occurred in those with age less than 50 year 144(55.6%), while
age ≥ 50 year accounted for 115(44.4%) (Figure 1).

Several other similar studies were conducted to predict breast
cancer outcome using various types of machine learning
techniques, these include:
Artificial neuron network (ANN): It is a computational nonlinear statistical data model based on the structure and
functions of biological neural networks. It trains the neurons
based on the experience and learning of input and output [9].
Artificial Neural networks (ANN) consists of an input layer, a
hidden layer and an output layer. The input layer represents the
elements of the dataset and the output layer consists of one
node. Weights between the layers are adjusted using the training
data using feed forward neural network and back propagation
learning algorithm [10].
The Naive Bayes Classifier technique is based on the Bayesian
theorem and is particularly suited when the dimensionality of
the inputs is high [11,12].
This study aimed to apply machine learning algorithms using
decision three classifier and descriptive statistics to evaluate the
performance of the model in predicting the probability of cancer
metastasis in patients that present late.

METHODOLOGY
The breast cancer disease dataset has been taken from the
department of Radiotherapy and Oncology of Usmanu
Danfodiyo University Teaching Hospital, Sokoto state, Nigerian.
Dataset has 259 instances and 10 attributes. The experimental
results of this study used, decision three classifier in IMB SPSS
(version 23) software environment. In the experiment, two
classes were used and therefore a 2 × 2 confusion matrix was
applied. Class 0=Not Metastasized, Class 1=Metastasized. We
applied supervised machine learning approach in which dataset
were divided into two classes that is training and testing using 10
fold cross validation.
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Figure 1: Age Distribution of breast cancer patients.

One hundred and eighty two (70.3%) of the study population
were unemployed, 51(19.7%) were civil servants and 26(10%)
were business women (Table 1).
Table 1: Demographical characteristics.
Occupation

Frequency

Percent

Civil Servant

51

19.7

Trader

26

10

Un-employed

182

70.3

Hausa

168

64.9

Yoruba

40

15.4

Igbo

40

15.4

Tribe

2
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Others

11

4.2

Islam

177

68.3

Christian

82

31.7

Married

249

96.1

Divorce

10

3.9

Total

259

100

Religion

Almost all 258(99.6%) the patients presented with Invasive
ductal carcinoma, while 1(0.4%) had Invasive lobular carcinoma
(Figure 4).

Marital status

Majority 96.1% (249) of the breast cancer patients were married,
only 10(3.9%) were divorce. One hundred and fifty one (58.3%)
cases of breast cancer were on left breast, while 108(41.7%)
occurred on right breast (Figure 2).

Figure 4: Classification of tumors by histological type.

Using supervised machine learning technique, decision three
diagrams shows that 259 instance of breast cancer form the
parent node of which 218(84.2%) cases were not metastasized
while 41(15.8%) cases metastasized to the other parts of the
body (Table 2).
Table 2: Confusion matric.
Predicted

Figure 2: Classification of tumors by anatomical site.

Two forty one breast cancer patients (93.1%) had mastectomy as
a form of surgery, others had lumpectomy 11(4.3%),
quadractomy 7 (2.7%) (Figure 3).

Observed

Not metastases

Metastases Percent correct

Not Metastases

214

4

98.20%

Metastases

29

12

29.30%

Overall
Percentage

93.80%

6.20%

87.30%

The child nodes (leafs of the three) were classified in to three (3)
nodes depicting the stages of the tumour presented to the
oncology unit; these stages are [II, III, IV]. Late presentation
(stage IV) was found to be significant (p<0.05)
The first child note shows that; out of 80 instances 79(98.8%)
cases where did ‘ not metastasize while, 1(1.2%) case
metastasized. The second child node shows that 163 cases
presented at stage III, 135(82.8%) were did not metastasize,
while 28(17.2%) cases metastasized, meanwhile the third child
node shows that 16 cases presented at stages IV, 12(75.0%)
metastasized, 4(25%) did not (Figure 5).

Figure 3: Classification of surgery done on breast cancer patients.
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that decision trees were used to model actual outcome of the
tumour, the effectiveness of the model predicted that, 87% of
tumour spread to the other part of the body presented at late
stages. Thus detection of breast cancer in early stages is the key
factors to be consider as well as public enlightenment on the
consequences of late presentation.
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CONCLUSION
Automatic prediction the outcome of the disease is an
important in real-world medical treatment. This paper shows
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