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Introduction
Cocaine is a member of tropane alkaloids family, one of eight 

stereoisomers of 8-methyl-8-azabicyclo (3.2.1) octane-2-carboxylic 
methyl ester [1]. This compound has many physiological effects such 
as anesthetic [2], vasoconstriction [3], heart rate and blood pressure 
increaser [4], stimulant of sympathetic nervous system [5] and others, 
this alkaloid has been extensively used in medicine [6-9]. Health and 
treatments monitoring, diagnosis of overdoses, forensic investigation 
and other disciplines are interested in cocaine research [10-15].

In this work, the application of a molecular modeling method to 
study peptides selection and cocaine–peptide interaction was evaluated 
with the aim of introducing a streamlined technique to find new 
biomimetic receptors for future application in biotechnological fields.

The use of molecular modeling software implemented in a virtual 
screening methodology has offered a considerable assistance for the 
rational design of molecular systems with high selectivity and affinity, 
also experimentally proved [16-21]. In the past decade, laboratory-
based researches between simulated binding scores obtained from 
a database of candidates and experimental results were reported, 
showing the ability of synthetic receptors to bind targets such as small 
peptides [20,22], small organic compounds [23-26] and DNA [27,28]. 
In particular the docking program FRED [29] used in this work was 
already proved to calculate binding scores in line with other software 
and with experimental data [17,20,22,28].

The premise of this work was to obtain synthetic peptides by 
mimicking the amino acid residues geometry of known biological 
protein receptors active site of a given target compound like cocaine. 
These amino acid residues were then combined to form polypeptides in 
a semi-combinatorial way in order to decrease, by orders of magnitude, 
the number of combinations to be screened, and lowering significantly 
the molecular complexity in terms of sequence length and three-
dimensional structure.

The goal was to obtain a series of viable synthetic molecular traps 
in a short period of time using modest computational resources. 
These possible candidates obtained can be proposed especially for 
biotechnological purposes reducing the number of experimental 
laboratory trials and therefore lowering research costs.

The methodology is based on the assumption that small peptides 
can be designed by initially mimicking cocaine binding site of larger 
biological structures and then increasing the cocaine-peptide affinity 
by addition or mutation of amino acids in the sequence.

The virtual screening approach used here was based on the 
idea of making a rough selection of small peptides and filter them 
afterwards, thus allowing the analysis of large amounts of structures 
by reducing computational time. The peptides sequence length was 
restricted to 5-6 amino acids long in order to prevent the appearance 
of secondary structure motifs that increase the system complexity, 
extending the calculation time, thus decreasing the number of 
possible structures to be analyzed. Understanding the intermolecular 
interaction between peptide-cocaine binding affinity was very useful to 
confirm the functionality of these biomimetic receptors for successive 
biotechnological applications.

This approach is spreading because of the necessity to use cost- and 
time- effective ways to identify lead compounds [30-35]. However, 
such approach is not exempt of problems and results are not always 
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reliable. Incorporating in virtual screening calculations, the dynamic 
nature of receptor structures is a well-known problem [36-39]. In many 
common molecular docking algorithms, target protein geometry is kept 
rigid in a single low-energy conformation, and only conformational 
and positional flexibility of a ligand is considered [40,41]. Small 
peptides, however, can have different conformational states with 
similar energies [42-45]. In many cases, binding site conformation 
of a receptor exhibits significant motion including rearrangements of 
side chains and backbone upon ligand binding. Using a single receptor 
conformation in docking experiments can lead to errors in prediction 
of binding affinities [46]. This can significantly reduce the chances of 
finding new ligands.

To overcome this issue, here, the shape variation was considered 
for both peptides and cocaine. The peptide flexibility was studied 
generating their conformers and determining the minimum number of 
them required to make a statistically significant representation of each 
peptide conformational space. Computing mobility for both receptor 
and ligand assured a more reliable computed binding score. Finally, the 
in-silico results were tested in a preliminary in vivo experiment, using 
two different computationally designed hexapeptides as selective SPE 
sorbent for cocaine.

Methods
Software used

All calculations and molecular modeling experiments were 
performed using a desktop PC with a 3.4 GHz Intel Core I7-2600 
processor having 8 GBytes DDR3 RAM with 1333 MHz bus, running 
Microsoft Windows 7 Professional 64 Bits.

All structures were designed and cleaned up with Hyperchem 8.0.5. 
The interactions between ligand and protein atoms were determined 
with RCSB PDB Ligand Explorer, from Protein Data Bank (PDB). In 
order to find sequence homology amongst proteins ClustalX was used.

OpenEye Scientific Software package under academic license was 
used. The energy minimization process was carried out using SZYBKI 
1.5.1 in its default parameterization [47]. OMEGA 2.4.3 was used 
to generate conformers to both cocaine and peptides. The program 
was used with MMFF as the force field [48]. The docking software 
FRED 2.2.5, was used to conduct the virtual screening applying 
default parameters [29]. VIDA 4.1.1 was used for visualization, post-
calculations analysis and representation [49].

The entire process was scripted, automated and executed using 
AutoIT V3, a freeware BASIC-like scripting language.

Peptide scaffold

Peptides were designed in zwitterionic mode, using only the 20 
natural amino acids.

Amino acid residues participating in cocaine interactions were 
identified using the RCSB PDB Ligand Explorer. The cut off distance 
(H bonds, electrostatic, hydrophobic, etc.) was set to 4Å as a maximum 
from any cocaine atom. A multiple sequence alignment was done with 
ClustalX in order to find amino acids homologies in cocaine-protein 
binding sites. The most important conserved amino acid residues 
interacting with cocaine in protein binding sites were selected for 
building up the first pentapeptides library.

Peptide libraries: screening process, docking and structural 
analysis

The screening process was divided in 4 steps. In each step a peptide 
library was generated by considering the peptide conformers flexibility, 
or introducing mutations in selected peptide sequences:

1. A first library of 768 pentapeptides, without conformers, 
was designed using as pivots the most conserved amino acid 
residues, found in the 4 proteins binding cocaine.

2. A second library of 1050 pentapeptides was generated by 
using 10 conformers for each structure of 105pentapeptides 
from the first library, selected on the basis of the binding 
score: the 55 pentapeptides having the better scores vs 
cocaine; 25 pentapeptides with scores close to average; and 25 
pentapeptides with the worst scores.

3. A third library of 3000 hexapeptides was then generated, 
without conformers, using as backbones the 25 higher ranked 
pentapeptides from the second library, inserting in each 
position of the sequence the 20 natural amino acids one by one.

4. A fourth library of 1450 hexapeptides was designed and docked 
by using 10 conformers for each structure of 145 hexapeptides 
from the third library, selected on the basis of the binding score: 
the 115 hexapeptides having the better scores vs cocaine; 15 
hexapeptides with scores close to average; and 15 hexapeptides 
with the worst scores.

The first and third libraries were roughly screened without 
considering peptide flexibility. A calculation refinement was considered 
in second and fourth libraries, including conformers for each structure 
and therefore considering the shape variation and flexibility of peptides. 
In all cases every library was obtained from results obtained in previous 
docking run. 

Boxes defining the active site were generated for each peptide. The 
box size was comprised from 4500Å3 to 7200 Å3 ranged in the 90% of all 
cases. The peptide was inside the box considering the whole structure 
as possible binding site for cocaine. The time required for each peptide 
structure, from the initial design to final docking, was about 5 minutes.

In-vivo experimental testing

Peptide SPE sorbents were from EspiKem (Sesto Fiorentino, FI, 
Italia), QHWWDW-resin (Nova Syn TGA), with a peptide substitution 
level of 0.17 mmol g-1 and ESSIDH-resin (Nova Syn TGA), with a 
peptide substitution level of 0.20 mmol g-1. The cartridges (volume 1 
ml) were packed with 30 mg of modified peptide resin dissolved in 
5 mL of an ethanol/water solution (80:20, v/v). The cartridges were 
conditioned and equilibrated by washing with ethanol. The extraction 
procedure was performed in four steps: -Conditioning of the stationary 
phase with Tris-HCl (pH=7.5); -Sample loading (1 mL); -Washing with 
1 mL of ultrapure water; -Elution with 1 mL of formic acid 5 mM in 
methanol, this fraction was analyzed by LC-MS/MS as reported in 
details in another work along with all chemicals used [50].

Results and Discussion
Peptide scaffold

Cocaine search in PDB web site returned 52 structures. These 
structures were then filtered by ligands and redundancies, giving a final 
set of 3 antibody-cocaine complexes (murine-human chimeric Fab of 
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GNC92H2, anti-cocaine monoclonal antibody M82G2 and antibody 
7A1) [51-53] and 1 acetylcholine-binding protein (AChBP) -cocaine 
complex [54].

These 4 complexes were used for conformational search of 
protein binding pockets, identifying similarities between structures to 
determine conserved residues. The type of interactions present in the 
complexes was also identified. The sequence alignment carried out with 
ClustalX showed that zones binding to cocaine were not conserved. All 
active sites found involved 2 or 3 chains with different geometrical 
arrangements. Figure 1 shows an example of highly conserved chains 
and low homology amongst sequences. In both cases the residues 
participating in the interaction did not match. Articles referencing 
PDB structures confirmed this result [51-54]. Most of interactions were 
hydrophobic, stacking and hydrogen bonds, although the later were 
few.

According to chemical function and interatomic distances the 
cocaine molecule was subdivided in 5 regions. As reported in figure 2 
the zones were the benzene ring, the ester directly attached to benzene, 
the ester fragment attached to aliphatic ring, the amine group and the 
cyclo-heptane ring.

All interacting amino acid residues throughout the 4 analyzed 
cocaine complexes were referred to these regions. The interaction of 
cocaine with amino acid residues in the 4 complexes was reported 
using number of occurrences and the percentage ratio respect to all 

contacts found in the complex region. The results were summarized in 
table 1. Tyrosine with 40% and tryptophan with 20% of total contacts 
were the amino acids more represented, highlighting the aromatic 
residue group significance in the cocaine binding interactions.

According to the data of table 1, the most relevant amino acid 
residues for each region were chosen. The minimum sequence length 
of initial peptide was set to 5 amino acids long. This chain length 
allowed peptides to include in their sequences at least one of the most 
representative amino acids for each cocaine region, reproducing 
a significant part of interactions found in biological association 
complexes.

In order to reduce the number of structures to be tested, the first 
768 pentapeptides library was generated using only the first 3 amino 
acids for first position, comprised over 50% of all interactions for this 
region by representing aromatic, polar and negatively charged amino 
acids. All 4 amino acids were selected in second and fourth positions. 
The first 3 amino acids plus serine in third position; serine was chosen 
because it was the only polar amino acid among the ones with lower 
frequencies in that region. The first 4 amino acids for the fifth position 
were considered, discarding leucine for his aliphatic properties.

Using the combination of these amino acids in their respective 
positions the pentapeptides library resulted in 768 elements decreasing 
in four orders of magnitude the number of combinations to be tested 
in a combinatorial approach.

Figure 1: ClustalX sequence alignment using GONNET series between light chains (top) and heavy chains (bottom) from anti-cocaine antibody M82G2 (1Q72) and 
cocaine catalytic antibody 7A1 FAB' (2AJV). The stars (*) denote a position having a single, fully conserved residue in the chains.

AROMATIC R1 ESTER R2 ESTER R3 AMINE R4 ALIPHATIC R5 

Res. # % Res. # % Res. # % Res. # % Res. # %

TYR 15 27.8 TRP 5 50.0 TYR 7 36.8 TYR 24 72.7 TYR 13 43.3

GLN 7 13.0 HIS 2 20.0 TRP 5 26.3 TRP 6 18.2 TRP 8 26.7

GLU 6 11.1 ARG 2 20.0 ILE 3 15.8 ASP 2 6.1 HIS 4 13.3

LEU 5 9.3 SER 1 10.0 PRO 1 5.3 HIS 1 3.0 PHE 4 13.3

TRP 5 9.3 GLY 1 5.3 LEU 1 3.3

PRO 4 7.4 VAL 1 5.3

CYS 3 5.6 SER 1 5.3

ILE 3 5.6

ALA 2 3.7

PHE 2 3.7

ARG 1 1.9

VAL 1 1.9

Table 1: The interaction of cocaine molecule with amino acid residues in the 4 biological complexes. In bold-italic the aminoacids selected for generating the first 768 
pentapeptides library. Res.=amino acid residue; #=number of contacts; %=percent of contacts in cocaine region.
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Peptide libraries: screening process and docking

The docking results for the 768 pentapeptides are shown in figure 
3. The lines intersection marked a strong change of the variation in the 
docking score, used as cut-off for the selection of the 55 pentapeptides 
forming the more stable complexes with cocaine, which corresponded 
to the 7.2% of all structures in the library. The score values were 
calculated using the consensus of multiple standard scoring functions, 
where lower values represented higher peptide-cocaine affinity. 
The structures of the higher ranked 55 pentapeptides had as most 
representative amino acids, in first position, tyrosine with 40% of 
occurrences, in second position, arginine with 56% of occurrences 
in third, fourth and fifth position, tryptophan with 53, 36 and 36% 
respectively. These results highlighted the presence of aromatic and 
charged amino acids motifs in the better scored structures.

From the first 768 pentapeptides screening, four pentapeptides 
ranked in position 2nd, 38th, 360th and 760th were selected to study 
peptides flexibility, generating 10, 20, 50, 100 and 200 conformers for 
each structure. This conformational study was carried out to determine 
the minimum number of conformers required to make a statistically 
reliable computed score. The pentapeptides were chosen arbitrarily 
but within peptides group, showing an overall trend in terms of score 

values, similar sequence patterns and amino acid composition. In 
figure 4, the results were expressed in percentage.

The standard deviations ranged from 10 to 18% depending on 
the amount of conformers. According to these results, 10 conformers 
were chosen for further docking studies because the overall tendency 
remained unchanged when using more conformers. The divergences 
observed between the score average using 10 conformers and the 
others are less than 10% of variance in the worst case. Because a 
significant divergence was observed comparing the scores obtained 
with or without conformers even if the trend remained unchanged, 
to reduce the false positives and/or false negatives, 105 pentapeptides 
were selected from the 768 pentapeptides library. Ten conformers were 
generated for each of the 105 pentapeptides, resulting from the fact that 
the conformational space flexibility of the peptide was not considered in 
first library. The selected peptides included 55 better ranked structures 
(7.2% of the library), 25 structures with scores close to global average 
and 25 structures having the worst scores. Considering the conformers 
average score, 78% of 55 structures having the lower conformers 
average scores, were comprised within the 55 best structures selected 
in the first screening step without conformers, 13% corresponded to 
the ones having the intermediate scores and just 9% had the worst 
scoring. Typical standard deviations were within 17% margin in 95% 
of the cases. Aromatic residues remained the most conserved residues. 
Considering the first 25 higher ranked structures reported in table 2, in 
the first position, tyrosine residue had 52% of occurrences, tryptophan 
appeared 64%, 76%, 32% and 40% of the cases in the 2nd, 3rd, 4th and 5th 
position respectively. The general tendency continued with charged and 
aromatic amino acids the most frequent in all higher ranked sequences. 

To increase the possibilities of attaining more stable complex with 
cocaine, the 25 pentapeptides with the higher ranking average scores 
(Table 2) were selected to generate a 3000 hexapeptide library by 
inserting alternatively in each sequence position the 20 natural amino 
acids. Then, for a conformer screening refinement, 145 hexapeptides 
were selected from this 3000 hexapeptide library: the 115 best ranked 
peptides, 15 peptides with scores close to average and the 15 worst 
ranked peptides. For each hexapeptide, 10 conformers were generated 
and then docked with cocaine. In figure 5 the conformers average scores 
of the 145 hexapeptides selected from the 3000 hexapeptides library.

Results showed that trend scores remained sigmoidal like in the 
first 768 pentapeptides library behavior (Figure 3), having 9% with a 

Figure 2: According to chemical function and interatomic distances the cocaine 
molecule was subdivided in 5 regions: aromatic R1 (benzene ring), ester R2 
(the ester directly attached to benzene), ester R3 (ester fragment attached to 
aliphatic ring), amine R4 and aliphatic R5 (the cycloheptane ring).

Figure 3: The docking results of the 768 pentapeptides vs cocaine. The lines 
intersecting the score -13.0 were used as cutoff for the selection of the top 
ranked 55 peptides corresponding to the 7.2% of the library.

Figure 4: Conformers analysis using 4 pentapeptides representing different 
positions in the 768pentapeptides library. Average binding scores of 1, 10, 
20, 50, 100 and 200 pentapeptide conformers vs cocaine were reported in 
percentage. CFM=conformer; R=docking ranked position.
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Pentapeptide 1 CFM Rank 10 CFMs Rank 1 CFM score 10 CFMs AV score 10 CFMs SD% score

QHWWW 47 1 -13.4 -9.4 13.9

YWWHF 29 2 -15.1 -7.8 15.5

YHWWW 45 3 -13.7 -7.8 16.9

YWWHY 4 4 -20.7 -7.5 14.4

YWWYY 31 5 -14.7 -7.2 13.0

YWWYH 49 6 -13.3 -7.1 17.1

YWWDW 20 7 -16.5 -6.3 12.8

YRWWW 30 8 -14.8 -6.1 15.3

YWIWW 387 9 -2.7 -5.9 17.4

YWWDF 53 10 -13.0 -5.8 13.0

YWYDW 24 11 -15.8 -4.9 13.2

QWWYF 43 12 -14.0 -4.8 11.0

YHWHW 50 13 -13.3 -4.6 11.2

YWYHY 13 14 -17.9 -4.3 15.7

QWWYY 35 15 -14.6 -4.3 12.0

QHWDY 746 16 9.9 -4.0 17.4

QWWHW 40 17 -14.3 -4.0 11.1

EWWWF 52 18 -13.2 -3.9 17.1

QWWYW 25 19 -15.7 -3.6 12.6

QRWYY 23 20 -16.1 -3.5 15.3

ERWWH 2 21 -21.6 -3.5 16.2

QWSWY 11 22 -18.2 -3.4 14.5

YWIHF 758 23 13.7 -3.4 14.5

EHIWW 33 24 -14.7 -3.3 13.8

ERWYY 5 25 -19.5 -3.3 14.6

Table 2: The 25 pentapeptides with the lower conformers average score selected to generate the 3000 hexapeptides library. The pentapeptides score and rank position 
in the first 768 library run using one conformer was also reported. AV=average; SD%=relative standard deviation.

score lower than -10 and 6% higher than zero. In 95% of cases, typical 
standard deviations were within the 15% margin. A decrease of almost 
4 units was observed comparing the lowest conformers average score 
between hexapeptide (-13.7, shown in figure 5) and pentapeptide (-9.4, 
shown in table 2), revealing that, potentially, hexapeptides formed 
stronger complex with cocaine than pentapeptides.

The 20 best ranked hexapeptides, with conformers, were 100% from 
the best ranked hexapeptides without conformers. When considering 
the 50 best ranked peptides the matching percentage decreased but 
only to 93%.

Tyr in the first position and Trp in the second, third and fourth 
position were always amongst the higher ranked structures. In these 
structures the W-W sequence starting from positions 2 or 3 were 
the much conserved sequence (76% of the cases). When aliphatic 
or uncharged amino acids were in sequence the ranking decreased 
dramatically.

Structural analysis and in-vivo experimental testing

The peptides were built taking into account the amino acid residues 
of protein binding pockets, but reducing the size to the minimum, 
in order to control the possible shape during the computational 
simulation.

The table 3 shows the structural analysis reporting the occurrence 
percentage in each structure position of the 73 higher ranked 
hexapeptides. The hexapeptides structure analysis was reported 
considering the higher ranked structures having scores less than -6 and 
corresponding to the 50% of the 145 hexapeptides analyzed in the last 
screening step.

The correlation between best ranked amino acids and those in 
binding pockets were not very strong, the percentages were quite 

Figure 5: Binding average score trend of the 145 hexapeptides vs. cocaine 
calculated using 10 conformers for each hexapeptide.
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different and ranks of amino acids changed often. Tyr in first and 
last position was the most represented with 58.9% and 31.5% of 
occurrences. The Trp in second and third position was found with 52.1 
and 83.3% of occurrences respectively, confirming the strong presence 
of aromatic residues. In fifth position a remarkably high presence of 
Asp was observed. The distribution of aliphatic and uncharged residues 
was rare in higher ranked sequences.

According to chemical function, binding score and interatomic 
interactions with the 5 cocaine regions, two hexapeptides were selected 
for a preliminary in vivo experiment. The peptide QHWWDW having 
a 10 conformers average score of -9.6 in binding cocaine, it was selected 
because, in simulations, the complex formed with cocaine was, with 
or without conformers, always amongst the 20 best ranked structures. 

On the other hand the ESSIDH hexapeptide, having a 10 conformers 
average score of -6.1 in binding cocaine, derived from pentapeptides 
which were ranked amongst the worst structures for both single and 10 
conformers simulations.

Moreover considering the primary structure, the hexapeptides 
QHWWDW and ESSIDH had, respectively, the higher and lesser 

preserved amino acids residues participating in the cocaine interaction, 
identified in the 4 biological receptors.

Considering the two peptides response vs. cocaine, the default 
parameters used by FRED were quite in agreement with the SPE 
experimental results as reported in table 4.

In terms of shape, the hexapeptides three dimensional structure 
docking cocaine diverged widely from one to another but despite 
the differences, cocaine was always in the center of the hexapeptide 
molecular surface, especially versus those having better binding scores. 
Figure 6 shows the simulated electrostatic molecular surfaces of the 
two hexapeptides used in the preliminary in-vivo experiments. Both, 
hexapeptides were able to bury cocaine in their electrostatic molecular 
surfaces, but the area was much larger for QHWWDW than ESSIDH, 
reflecting the difference in binding score. Anyway, it should be noted 
that the in-vivo interaction can be due to a synergic cooperation of the 
amino acid residues that have a certain amount of freedom to move 
around the carbon backbone (much larger than in proteins), increasing 
the probability to interact with cocaine, especially when cocaine is 
found in the center of the complex. 

Amino acid P 1
%

P 2
%

P 3
%

P 4
%

P 5
%

P 6
%

TOTAL 
%

ALA 1.4 0.0 1.4 0.0 0.0 0.0 0.5

CYS 0.0 0.0 0.0 1.4 0.0 0.0 0.2

ASP 0.0 0.0 0.0 6.8 20.5 0.0 4.4

GLU 5.5 0.0 0.0 0.0 2.7 0.0 1.2

PHE 2.7 1.4 0.0 0.0 5.5 19.2 4.9

GLY 4.1 0.0 0.0 1.4 0.0 2.7 1.4

HIS 0.0 13.7 6.8 12.3 16.4 4.1 8.8

ILE 0.0 1.4 1.4 5.5 0.0 1.4 1.4

LYS 1.4 1.4 0.0 1.4 2.7 2.7 1.6

LEU 1.4 0.0 0.0 0.0 1.4 1.4 0.7

MET 0.0 1.4 1.4 2.7 1.4 0.0 1.2

ASN 2.7 0.0 0.0 0.0 2.7 1.4 1.2

PRO 1.4 0.0 0.0 0.0 0.0 4.1 0.9

GLN 16.4 5.5 0.0 1.4 0.0 0.0 3.9

ARG 0.0 5.5 2.7 0.0 1.4 1.4 1.9

SER 1.4 1.4 2.7 4.1 2.7 0.0 1.6

THR 0.0 0.0 0.0 1.4 0.0 0.0 0.2

VAL 1.4 0.0 0.0 1.4 0.0 2.7 0.9

TRP 1.4 52.1 83.6 49.3 13.7 27.4 38.4

TYR 58.9 16.4 0.0 11.0 28.8 31.5 24.8

Table 3: Structural analysis of the 73 higher ranked hexapeptides having scores lower than -6 and corresponding to 50% of the 145 hexapeptides considered. P=position 
in sequence; %=occurrences percentage in hexapeptides.

  Binding cocaine in experimental 
(%)

binding score calculated with 
FRED % of binding score in the 145 hexapeptides library

QHWWDW 97 ± 10 -9.6 70

ESSIDH 76 ± 8 -6.1 45

Table 4: Experimental and simulated data comparison; the binding scores were reported also in percentage considering the results of the 145 
hexapeptides library.
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Conclusions
Using a modest computing framework, it was possible to obtain 

a suitable set of peptides binding cocaine. The higher ranked peptides 
maintained some specific sequences in concordance with results 
obtained in biological proteins. According to our findings, sequences 
rich in Trp and Tyr gave high affinity for cocaine, but negative impact 
was observed in the presence of aliphatic or uncharged residues. 
Preliminary in vivo experimental results were in agreement with 
simulated data. Despite the results, higher ranked peptides were not 
supposed to be the best in binding cocaine, but the methodology 
proposed can be used in support to experimental tests, rationalizing 
and reducing by orders of magnitude the choice of molecular traps.
Acknowledgements

The authors thank the financial support of FP7-PEOPLE-IRSES project 
NANOSENS 230815.

References

1. Singh S (2000) Chemistry, design, and structure-activity relationship of cocaine 
antagonists. Chem Rev 100: 925-1024.

2. Yau GL, Jackman CS, Hooper PL, Sheidow TG (2011) Intravitreal injection 
anesthesia--comparison of different topical agents: a prospective randomized 
controlled trial. Am J Ophthalmol 151: 333-337.

3. Harper SJ, Jones NS (2006) Cocaine: what role does it have in current ENT 
practice? A review of the current literature. J Laryngol Otol 120: 808-811.

4. Elliott WJ (2006) Drug interactions and drugs that affect blood pressure. J Clin 
Hypertens (Greenwich) 8: 731-737.

5. Carroll FI, Lewin AH, Boja JW, Kuhar MJ (1992) Cocaine receptor: biochemical 
characterization and structure-activity relationships of cocaine analogues at the 
dopamine transporter. J Med Chem 35: 969-981.

6. Gorelick DA, Gardner EL, Xi ZX (2004) Agents in development for the 
management of cocaine abuse. Drugs 64: 1547-1573.

7. Perez MF, Ford KA, Goussakov I, Stutzmann GE, Hu XT (2011) Repeated 
cocaine exposure decreases dopamine D2-like receptor modulation of Ca(2+) 
homeostasis in rat nucleus accumbens neurons. Synapse 65: 168-180.

8. Zachek MK, Takmakov P, Park J, Wightman RM, McCarty GS (2010) 
Simultaneous monitoring of dopamine concentration at spatially different brain 
locations in vivo. Biosens Bioelectron 25: 1179-1185.

9. Rothman RB, Baumann MH, Dersch CM, Romero DV, Rice KC, et al. (2001) 
Amphetamine-type central nervous system stimulants release norepinephrine 
more potently than they release dopamine and serotonin.Synapse 39: 32-41.

10. Cai Q, Chen L, Luo F, Qiu B, Lin Z, et al. (2011) Determination of cocaine on 
banknotes through an aptamer-based electrochemiluminescence biosensor. 
Anal Bioanal Chem 400: 289-294.

11. Sergi M, Compagnone D, Curini R, D'Ascenzo G, Del Carlo M, et al. (2010) Micro-
solid phase extraction coupled with high-performance liquid chromatography-
tandem mass spectrometry for the determination of stimulants, hallucinogens, 
ketamine and phencyclidine in oral fluids. Anal Chim Acta 675: 132-137.

12. Huang CC, Yeh CM, Wu MY, Chang AY, Chan JY, et al. (2011) Cocaine 

Figure 6: Electrostatic molecular surfaces of the two experimentally tested 
hexapeptides in complex with cocaine.

withdrawal impairs metabotropic glutamate receptor-dependent long-term 
depression in the nucleus accumbens. J Neurosci 31: 4194-4203.

13. Du Y, Chen C, Yin J, Li B, Zhou M, et al. (2010) Solid-state probe based 
electrochemical aptasensor for cocaine: a potentially convenient, sensitive, 
repeatable, and integrated sensing platform for drugs. Anal Chem 82: 1556-
1563.

14. Sergi M, Napoletano S, Montesano C, Iofrida R, Curini R, et al. (2013) 
Pressurized-liquid extraction for determination of illicit drugs in hair by LC-MS-
MS. Anal Bioanal Chem 405: 725-735.

15. Grabherr S, Ross S, Regenscheit P, Werner B, Oesterhelweg L, et al. (2008) 
Detection of smuggled cocaine in cargo using MDCT. AJR Am J Roentgenol 
190: 1390-1395.

16. Mascini M, Macagnano A, Scortichni G, Del Carlo M, Diletti G, et al. (2005) 
Biomimetic sensors for dioxins detection in food samples. Sensors and 
Actuators A 111–112: 376-384.

17. Mascini M, Perez G, Montero-Cabrera L A, Gonzalez S, Yamanaka H, et 
al. (2011) Multiple minima hypersurfaces (MMH) procedures for biomimetic 
ligands screening. Sensors and Microsystems Lecture Notes in Electrical 
Engineering 91: 403-407. 

18. Sanchez-Barragan I, Karim K, Costa-Fernandez JM, Piletsky SA, Sanz-Medel 
A (2007) A molecularly imprinted polymer for carbaryl determination in water. 
Sensors and Actuators B 123: 798-804. 

19. Rajamani R, Good AC (2007) Ranking poses in structure-based lead discovery 
and optimization: current trends in scoring function development. Curr Opin 
Drug Discov Devel 10: 308-315.

20. Mascini M, Sergi M, Monti D, Del Carlo M, Compagnone D (2008) Oligopeptides 
as mimic of acetylcholinesterase: from the rational design to the application in 
solid-phase extraction for pesticides. Anal Chem 80: 9150-9156.

21. Tiwari V, Nagpal I, Subbarao N, Moganty RR (2012) In-silico modeling of 
a novel OXA-51 from Î²-lactam-resistant Acinetobacter baumannii and its 
interaction with various antibiotics. J Mol Model 18: 3351-3361.

22. Mascini M, Del Carlo M, Cozzani I, Tiscar PG, Mpamhanga CP, et al. (2006) 
Piezoelectric Sensors Based On Biomimetic Peptides For The Detection Of 
Heat Shock Proteins (Hsps) In Mussels. Analytical Letters 39: 1627-1642. 

23. Chianella I, Lotierzo M, Piletsky SA, Tothill IE, Chen B, et al. (2002) Rational 
design of a polymer specific for microcystin-LR using a computational approach. 
Anal Chem 74: 1288-1293.

24. Li M, Huang YJ, Tai PC, Wang B (2008) Discovery of the first SecA inhibitors 
using structure-based virtual screening. Biochem Biophys Res Commun 368: 
839-845.

25. Piletska EV, Turner NW, Turner AP, Piletsky SA (2005) Controlled release of 
the herbicide simazine from computationally designed molecularly imprinted 
polymers. J Control Release 108: 132-139.

26. Yakaiah T, Lingaiah BP, Narsaiah B, Shireesha B, Ashok Kumar B, et al. 
(2007) Synthesis and structure-activity relationships of novel pyrimido[1,2-b]
indazoles as potential anticancer agents against A-549 cell lines. Bioorg Med 
Chem Lett 17: 3445-3453.

27. Narcisi V, Mascini M, Perez G, Del Carlo M, Tiscar PG, et al. (2011) 
Electrochemical genosensors for the detection of Bonamia parasite. Selection 
of single strand-DNA (ssDNA) probes by simulation of the secondary structure 
folding. Talanta 85: 1927-1932.

28. Bini A, Mascini M, Mascini M, Turner AP (2011) Selection of thrombin-binding 
aptamers by using computational approach for aptasensor application. Biosens 
Bioelectron 26: 4411-4416.

29. OpenEye Scientific Software S F, NM. FRED version 2.2.5.

30. Brown CJ, Dastidar SG, See HY, Coomber DW, Ortiz-Lombardía M, et al. 
(2010) Rational design and biophysical characterization of thioredoxin-based 
aptamers: insights into peptide grafting. J Mol Biol 395: 871-883.

31. Geldenhuys WJ, Gaasch KE, Watson M, Allen DD, Van der Schyf CJ (2006) 
Optimizing the use of open-source software applications in drug discovery. 
Drug Discov Today 11: 127-132.

32. Lai Y, Xie C, Zhang Z, Lu W, Ding J (2010) Design and synthesis of a potent 
peptide containing both specific and non-specific cell-adhesion motifs. 
Biomaterials 31: 4809-4817.

http://www.ncbi.nlm.nih.gov/pubmed/11749256
http://www.ncbi.nlm.nih.gov/pubmed/11749256
http://www.ncbi.nlm.nih.gov/pubmed/21168822
http://www.ncbi.nlm.nih.gov/pubmed/21168822
http://www.ncbi.nlm.nih.gov/pubmed/21168822
http://www.ncbi.nlm.nih.gov/pubmed/16848922
http://www.ncbi.nlm.nih.gov/pubmed/16848922
http://www.ncbi.nlm.nih.gov/pubmed/17028488
http://www.ncbi.nlm.nih.gov/pubmed/17028488
http://www.ncbi.nlm.nih.gov/pubmed/1552510
http://www.ncbi.nlm.nih.gov/pubmed/1552510
http://www.ncbi.nlm.nih.gov/pubmed/1552510
http://www.ncbi.nlm.nih.gov/pubmed/15233592
http://www.ncbi.nlm.nih.gov/pubmed/15233592
http://www.ncbi.nlm.nih.gov/pubmed/20665696
http://www.ncbi.nlm.nih.gov/pubmed/20665696
http://www.ncbi.nlm.nih.gov/pubmed/20665696
http://www.ncbi.nlm.nih.gov/pubmed/19896822
http://www.ncbi.nlm.nih.gov/pubmed/19896822
http://www.ncbi.nlm.nih.gov/pubmed/19896822
http://www.ncbi.nlm.nih.gov/pubmed/11071707
http://www.ncbi.nlm.nih.gov/pubmed/11071707
http://www.ncbi.nlm.nih.gov/pubmed/11071707
http://www.ncbi.nlm.nih.gov/pubmed/21327874
http://www.ncbi.nlm.nih.gov/pubmed/21327874
http://www.ncbi.nlm.nih.gov/pubmed/21327874
http://www.ncbi.nlm.nih.gov/pubmed/20800724
http://www.ncbi.nlm.nih.gov/pubmed/20800724
http://www.ncbi.nlm.nih.gov/pubmed/20800724
http://www.ncbi.nlm.nih.gov/pubmed/20800724
http://www.ncbi.nlm.nih.gov/pubmed/21411660
http://www.ncbi.nlm.nih.gov/pubmed/21411660
http://www.ncbi.nlm.nih.gov/pubmed/21411660
http://www.ncbi.nlm.nih.gov/pubmed/20095580
http://www.ncbi.nlm.nih.gov/pubmed/20095580
http://www.ncbi.nlm.nih.gov/pubmed/20095580
http://www.ncbi.nlm.nih.gov/pubmed/20095580
http://www.ncbi.nlm.nih.gov/pubmed/22580425
http://www.ncbi.nlm.nih.gov/pubmed/22580425
http://www.ncbi.nlm.nih.gov/pubmed/22580425
http://www.ncbi.nlm.nih.gov/pubmed/18430860
http://www.ncbi.nlm.nih.gov/pubmed/18430860
http://www.ncbi.nlm.nih.gov/pubmed/18430860
http://www.sciencedirect.com/science/article/pii/S0925400505003023
http://www.sciencedirect.com/science/article/pii/S0925400505003023
http://www.sciencedirect.com/science/article/pii/S0925400505003023
http://link.springer.com/chapter/10.1007%2F978-94-007-1324-6_65
http://link.springer.com/chapter/10.1007%2F978-94-007-1324-6_65
http://link.springer.com/chapter/10.1007%2F978-94-007-1324-6_65
http://link.springer.com/chapter/10.1007%2F978-94-007-1324-6_65
http://www.sciencedirect.com/science/article/pii/S0925400506007076
http://www.sciencedirect.com/science/article/pii/S0925400506007076
http://www.sciencedirect.com/science/article/pii/S0925400506007076
http://www.ncbi.nlm.nih.gov/pubmed/19551938
http://www.ncbi.nlm.nih.gov/pubmed/19551938
http://www.ncbi.nlm.nih.gov/pubmed/19551938
http://www.ncbi.nlm.nih.gov/pubmed/22271096
http://www.ncbi.nlm.nih.gov/pubmed/22271096
http://www.ncbi.nlm.nih.gov/pubmed/22271096
http://www.tandfonline.com/doi/abs/10.1080/00032710600713529
http://www.tandfonline.com/doi/abs/10.1080/00032710600713529
http://www.tandfonline.com/doi/abs/10.1080/00032710600713529
http://www.ncbi.nlm.nih.gov/pubmed/11924591
http://www.ncbi.nlm.nih.gov/pubmed/11924591
http://www.ncbi.nlm.nih.gov/pubmed/11924591
http://www.ncbi.nlm.nih.gov/pubmed/18261984
http://www.ncbi.nlm.nih.gov/pubmed/18261984
http://www.ncbi.nlm.nih.gov/pubmed/18261984
http://www.ncbi.nlm.nih.gov/pubmed/16111783
http://www.ncbi.nlm.nih.gov/pubmed/16111783
http://www.ncbi.nlm.nih.gov/pubmed/16111783
http://www.ncbi.nlm.nih.gov/pubmed/21872040
http://www.ncbi.nlm.nih.gov/pubmed/21872040
http://www.ncbi.nlm.nih.gov/pubmed/21872040
http://www.ncbi.nlm.nih.gov/pubmed/21872040
http://www.ncbi.nlm.nih.gov/pubmed/21636260
http://www.ncbi.nlm.nih.gov/pubmed/21636260
http://www.ncbi.nlm.nih.gov/pubmed/21636260
http://www.eyesopen.com
http://www.ncbi.nlm.nih.gov/pubmed/19895821
http://www.ncbi.nlm.nih.gov/pubmed/19895821
http://www.ncbi.nlm.nih.gov/pubmed/19895821
http://www.ncbi.nlm.nih.gov/pubmed/16533710
http://www.ncbi.nlm.nih.gov/pubmed/16533710
http://www.ncbi.nlm.nih.gov/pubmed/16533710
http://www.ncbi.nlm.nih.gov/pubmed/20346502
http://www.ncbi.nlm.nih.gov/pubmed/20346502
http://www.ncbi.nlm.nih.gov/pubmed/20346502


Citation: Perez G, Mascini M, Sergi M, Del Carlo M, Curini R, et al. (2013) Peptides Binding Cocaine: A Strategy to Design Biomimetic Receptors. J 
Proteomics Bioinform 6: 015-022. doi:10.4172/jpb.1000255

Volume 6(1) 015-022 (2013) - 022 
J Proteomics Bioinform    
ISSN:0974-276X JPB, an open access journal 

33. Muthusamy K, Arvidsson PI, Govender P, Kruger HG, Maguire GE, et al. (2010) 
Design and study of peptide-based inhibitors of amylin cytotoxicity. Bioorg Med 
Chem Lett 20: 1360-1362.

34. Papaleo E, Russo L, Shaikh N, Cipolla L, Fantucci P, et al. (2010) Molecular 
dynamics investigation of cyclic natriuretic peptides: Dynamic properties reflect 
peptide activity. Journal of Molecular Graphics and Modelling 28: 834-841. 

35. Bultinck J, Lievens S, Tavernier J (2012) Protein-protein interactions: network 
analysis and applications in drug discovery. Curr Pharm Des 18: 4619-4629.

36. Choi J, He N, Kim N, Yoon S (2012) Enrichment of virtual hits by progressive 
shape-matching and docking. J Mol Graph Model 32: 82-88.

37. Lee HS, Lee CS, Kim JS, Kim DH, Choe H (2009) Improving virtual screening 
performance against conformational variations of receptors by shape matching 
with ligand binding pocket. J Chem Inf Model 49: 2419-2428.

38. Choi J, Ko Y, Lee HS, Park YS, Yang Y, et al. (2010) Identification of (beta-
carboxyethyl)-rhodanine derivatives exhibiting peroxisome proliferator-
activated receptor gamma activity. Eur J Med Chem 45: 193-202.

39. Källblad P, Todorov NP, Willems HM, Alberts IL (2004) Receptor flexibility in 
the in silico screening of reagents in the S1' pocket of human collagenase. J 
Med Chem 47: 2761-2767.

40. Surade S, Blundell TL (2012) Structural biology and drug discovery of difficult 
targets: the limits of ligandability. Chem Biol 19: 42-50.

41. Spyrakis F, BidonChanal A, Barril X, Luque FJ (2011) Protein flexibility and 
ligand recognition: challenges for molecular modeling. Curr Top Med Chem 
11: 192-210.

42. Lapelosa M, Gallicchio E, Levy RM (2012) Conformational Transitions and 
Convergence of Absolute Binding Free Energy Calculations. J Chem Theory 
Comput 8: 47-60.

43. Yan C, Kaoud T, Lee S, Dalby KN, Ren P (2011) Understanding the specificity 

of a docking interaction between JNK1 and the scaffolding protein JIP1. J Phys 
Chem B 115: 1491-1502.

44. Lee S, Chen M, Yang W, Richards NG (2010) Sampling long time scale protein 
motions: OSRW simulation of active site loop conformational free energies in 
formyl-CoA:oxalate CoA transferase. J Am Chem Soc 132: 7252-7253.

45. Hills RD Jr, Lu L, Voth GA (2010) Multiscale coarse-graining of the protein 
energy landscape. PLoS Comput Biol 6: e1000827.

46. Kuzu G, Keskin O, Gursoy A, Nussinov R (2012) Expanding the conformational 
selection paradigm in protein-ligand docking. Methods Mol Biol 819: 59-74.

47. OpenEye Scientific Software S F, NM. SZYBKI version 1.5.1. 

48. OpenEye Scientific Software S F, NM. OMEGA version 2.4.3.

49. OpenEye Scientific Software S F, NM. VIDA version 4.1.1. 

50. Mascini M, Montesano C, Sergi M, Perez G, Curini R, et al. (2013) Peptides 
trapping cocaine: docking simulation and experimental screening. Analytica 
Chimica Acta. 

51. Larsen NA, Zhou B, Heine A, Wirsching P, Janda KD, et al. (2001) Crystal 
structure of a cocaine-binding antibody. J Mol Biol 311: 9-15.

52. Pozharski E, Moulin A, Hewagama A, Shanafelt AB, Petsko GA, et al. (2005) 
Diversity in hapten recognition: structural study of an anti-cocaine antibody 
M82G2. J Mol Biol 349: 570-582.

53. Zhu X, Dickerson TJ, Rogers CJ, Kaufmann GF, Mee JM, et al. (2006) 
Complete reaction cycle of a cocaine catalytic antibody at atomic resolution. 
Structure 14: 205-216.

54. Hansen SB, Taylor P (2007) Galanthamine and non-competitive inhibitor 
binding to ACh-binding protein: evidence for a binding site on non-alpha-subunit 
interfaces of heteromeric neuronal nicotinic receptors. J Mol Biol 369: 895-901.

http://www.ncbi.nlm.nih.gov/pubmed/20093026
http://www.ncbi.nlm.nih.gov/pubmed/20093026
http://www.ncbi.nlm.nih.gov/pubmed/20093026
http://www.sciencedirect.com/science/article/pii/S1093326310000446
http://www.sciencedirect.com/science/article/pii/S1093326310000446
http://www.sciencedirect.com/science/article/pii/S1093326310000446
http://www.ncbi.nlm.nih.gov/pubmed/22650261
http://www.ncbi.nlm.nih.gov/pubmed/22650261
http://www.ncbi.nlm.nih.gov/pubmed/22088763
http://www.ncbi.nlm.nih.gov/pubmed/22088763
http://www.ncbi.nlm.nih.gov/pubmed/19852439
http://www.ncbi.nlm.nih.gov/pubmed/19852439
http://www.ncbi.nlm.nih.gov/pubmed/19852439
http://www.ncbi.nlm.nih.gov/pubmed/19879669
http://www.ncbi.nlm.nih.gov/pubmed/19879669
http://www.ncbi.nlm.nih.gov/pubmed/19879669
http://www.ncbi.nlm.nih.gov/pubmed/15139754
http://www.ncbi.nlm.nih.gov/pubmed/15139754
http://www.ncbi.nlm.nih.gov/pubmed/15139754
http://www.ncbi.nlm.nih.gov/pubmed/22284353
http://www.ncbi.nlm.nih.gov/pubmed/22284353
http://www.ncbi.nlm.nih.gov/pubmed/20939788
http://www.ncbi.nlm.nih.gov/pubmed/20939788
http://www.ncbi.nlm.nih.gov/pubmed/20939788
http://www.ncbi.nlm.nih.gov/pubmed/22368530
http://www.ncbi.nlm.nih.gov/pubmed/22368530
http://www.ncbi.nlm.nih.gov/pubmed/22368530
http://www.ncbi.nlm.nih.gov/pubmed/21261310
http://www.ncbi.nlm.nih.gov/pubmed/21261310
http://www.ncbi.nlm.nih.gov/pubmed/21261310
http://www.ncbi.nlm.nih.gov/pubmed/20446682
http://www.ncbi.nlm.nih.gov/pubmed/20446682
http://www.ncbi.nlm.nih.gov/pubmed/20446682
http://www.ncbi.nlm.nih.gov/pubmed/20585614
http://www.ncbi.nlm.nih.gov/pubmed/20585614
http://www.ncbi.nlm.nih.gov/pubmed/11469854
http://www.ncbi.nlm.nih.gov/pubmed/11469854
http://www.ncbi.nlm.nih.gov/pubmed/15885702
http://www.ncbi.nlm.nih.gov/pubmed/15885702
http://www.ncbi.nlm.nih.gov/pubmed/15885702
http://www.ncbi.nlm.nih.gov/pubmed/16472740
http://www.ncbi.nlm.nih.gov/pubmed/16472740
http://www.ncbi.nlm.nih.gov/pubmed/16472740
http://www.ncbi.nlm.nih.gov/pubmed/17481657
http://www.ncbi.nlm.nih.gov/pubmed/17481657
http://www.ncbi.nlm.nih.gov/pubmed/17481657

	Title
	Corresponding author
	Abstract
	Keywords
	Introduction
	Methods
	Software used
	Peptide scaffold
	Peptide libraries: screening process, docking and structural analysis
	In-vivo experimental testing

	Results and Discussion
	Peptide scaffold
	Peptide libraries: screening process and docking
	Structural analysis and in-vivo experimental testing

	Conclusions
	Acknowledgements
	References
	Figure 1
	Table 1
	Figure 2
	Figure 3
	Figure 4
	Table 2
	Figure 5
	Table 3
	Table 4
	Figure 6

